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How does residential 
mobility and its relation 

to housing affect 
London's Urban 

Metabolism?
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Context

1. Projected to grow to just over 10 million in the 
next 20 years as a result of natural change and 
more importantly migration. (GLA estimates)

2.  Policies to increase housing supply include large 
scale developments  (GLA 2015b)
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Context

3. Privately rented sector has become the most popular 
tenure for London households (Gleeson 2017, p. 10)

4. Renters are more mobile than owners (Courgeau
1985)

5.  Indeed, London has been shown to constitute an 
‘escalator region’ (Fielding, 1992)

1. Projected to grow to just over 10 million in the 
next 20 years as a result of natural change and 
more importantly migration. (GLA estimates)

2. Policies to increase housing supply include 
large scale developments  (GLA 2015b)

Introduction | Context | Baseline Setting | Conclusion

BSCPM-DocConf| Boyana Buyuklieva (Bonnie) | @Bonnie_0000
Bartlett Centre for Advanced Spatial Analysis



Context

3. Privately rented sector has become the most popular 
tenure for London households (Gleeson 2017, p. 10)

4. Renters are more mobile than owners (Courgeau
1985)

5.  Indeed, London has been shown to constitute an 
‘escalator region’ (Fielding, 1992)

1. Projected to grow to just over 10 million in the 
next 20 years as a result of natural change and 
more importantly migration. (GLA estimates)

2. Policies to increase housing supply include 
large scale developments  (GLA 2015b)

Introduction | Context | Baseline Setting | Conclusion

BSCPM-DocConf| Boyana Buyuklieva (Bonnie) | @Bonnie_0000
Bartlett Centre for Advanced Spatial Analysis



How does 
residential mobility
and its relation to 

housing affect 
London's Urban 

Metabolism?

Broad Research Question

The interplay residential 
mobility, demographics and 
housing.

Sub-class of migration that 
assumes short-distance
/least-effort home re-locations.
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Introduction | Context | Baseline Setting | Conclusion

BSCPM-DocConf| Boyana Buyuklieva (Bonnie) | @Bonnie_0000
Bartlett Centre for Advanced Spatial Analysis



Anecdotal Evidence?
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Data Limitations

Cross Sectional Longitudinal

No information 
over time
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Data Limitations

Cross Sectional Longitudinal

No information 
over time

1. Time span
(takes a long time 

relative to a research career)

2. Relative Cost & Effort
(and as a result, cohort sizes)

3. Privacy
(Housing and life course

Combined can be a sensitive)
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Ways of being wrong: Types of Fallacies

Informal Fallacy:
“argument that may seem 
to be correct, but that 
proves on examination not 
to be so.” (p.124 Copi et al., 2016)

Copi, I.M., Cohen, C., McMahon, K.D., 2016. 
Introduction to logic, 14th ed. Pearson Education 
Limited.
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Ways of being wrong

aka: Anecdotal Fallacy
( or converse accident) 

Aka: Ecological Fallacy

‘Accident cases’:
When one mistakenly applies 
a generalisation to an 
individual case that it does 
not properly govern

‘Hasty generalization’: 
When one moves carelessly or 
too quickly from one or a very 
few instances to a broad or 
universal claim.

Longitudinal studiesCross-sectional studies
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Cross sectional studies can be 
used to set a baseline for 

longitudinal research.

Ways of being useful
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Baseline: Quantifying Migration
Aim How can migration be quantified?

Hypothesis London has an exceptionally dynamic migration profile.
a) London has exceptionally high mobility, 
which is different to most of England and Wales.

Method Tukey Fences applied to selected migration metrics
(by magnitude, type and direction)

Data Cross-sectional in England and Wales 

Geography Local Authority Level

Population All internal migrants

Year 2011
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Quantifying Migration
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𝑇𝑜𝑡𝑎𝑙 𝑀𝑖𝑔𝑟𝑎𝑡𝑖𝑜𝑛 = 𝐼𝑛 + 𝑂𝑢𝑡 −𝑊𝑖𝑡ℎ𝑖𝑛

𝑀𝑖𝑔𝑟𝑎𝑡𝑖𝑜𝑛 𝑅𝑎𝑡𝑒 =
𝐼𝑛 + 𝑂𝑢𝑡 −𝑊𝑖𝑡ℎ𝑖𝑛
𝑇𝑜𝑡𝑎𝑙 𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛

𝑇𝑢𝑟𝑛𝑜𝑣𝑒𝑟 =
𝐼𝑛 + 𝑂𝑢𝑡 − 2 ∗ 𝑊𝑖𝑡ℎ𝑖𝑛
𝑇𝑜𝑡𝑎𝑙 𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛

𝑊𝑖𝑡ℎ𝑖𝑛 𝑀𝑖𝑔𝑟𝑎𝑡𝑖𝑜𝑛 𝑅𝑎𝑡𝑒 =
𝑊𝑖𝑡ℎ𝑖𝑛

𝑇𝑜𝑡𝑎𝑙 𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛



Why Baselining matters?
Data

Same Different

Methods Same

Reproducible Replicable

Different

Robust After: @kirstie_j

doi:https://dx.doi
.org/10.6084/m9.
figshare.5886475
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Cross-sectional studies

Longitudinal studies



“80% of data analysis is spent on the process of cleaning 
and preparing the data” Wickenham p1, 2014 (after Dasu and Johnson 2003)

"We are drowning in information but starved for 
knowledge." 
John Naisbitt
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tinyurl.com/y4kwc9q2

Thank you.

https://t.co/nKmg4rZERj

